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Research on personalized large model role construction technology for tobacco services
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Abstract: With the vigorous development of artificial intelligence technology, many problems have emerged in the application
of general large - language models in vertical fields. This paper focuses on the tobacco service scenario and innovatively
proposes a method for shaping industry large - language model roles based on persona reinforcement learning. By constructing
the persona portrait of a "tobacco lecturer", designing a three - dimensional persona feature vector including professional
authority, policy sensitivity, and service affinity, and developing a style transfer algorithm based on Generative Adversarial
Networks (GAN), personalized generation of service dialogues is achieved. After applying this method to the Weiyan
Encyclopedia Al Platform, practical verification shows that the professional score of service dialogues has increased to 91.7,
and user satisfaction has increased by 36.5%. This successfully overcomes problems such as the lack of professional expression
and blurred policy boundaries of general large - language models in vertical fields, providing a new path for the intelligent
service of the tobacco industry.

Keywords: Industry large - language model; Personalized service; Persona reinforcement learning; Generative Adversarial
Network; Tobacco service
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